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[Cor09] T. J. Cornwell, Högbom’s CLEAN algorithm: impact on astronomy and beyond, As-

tronomy & Astrophysics 500 (2009), no. 1, 65–66.

[COS09] J.-F. Cai, S. Osher, and Z. Shen, Convergence of the linearized Bregman iterations for

l1-norm minimization, Math. Comp. 78 (2009), 2127–2136.

[CP07a] E. J. Candès and Y. Plan, Near-ideal model selection by `1 minimization, Ann. Statist.

37 (2007), no. 5A, 2145–2177.

274

http://dsp.rice.edu/cs
http://dsp.rice.edu/cs


[CP07b] P. L. Combettes and J.-C. Pesquet, A Douglas-Rachford splitting approach to non-

smooth convex variational signal recovery, IEEE J. Sel. Topics Signal Processing 1

(2007), no. 4, 564–574.

[CP08] P. L. Combettes and J. C. Pesquet, A proximal decomposition method for solving convex

variational inverse problems, Inverse Problems 24 (2008), no. 6.

[CP10a] E. J. Candès and Y. Plan, A probabilistic and RIPless theory of compressed sensing,

Preprint: arXiv:1011.3854 (2010).

[CP10b] E. J. Candès and Y. Plan, Tight oracle bounds for low-rank matrix recovery from a

minimal number of random measurements, CoRR abs/1001.0339 (2010).

[CP10c] A. Chambolle and T. Pock, A first-order primal-dual algorithm for convex problems

with applications to imaging, J. Math. Imaging Vision 40 (2010), no. 1, 120–145.

[CR05] E. J. Candès and J. K. Romberg, Practical signal recovery from random projections,

SPIE Conference on Computational Imaging, 2005, pp. 76–86.

[CR07a] E. J. Candès and J. Romberg, Sparsity and incoherence in compressive sampling, In-

verse Prob. 23 (2007), no. 3, 969–985.

[CR07b] E. J. Candès and J. K. Romberg, `1-magic, Tech. report, Caltech, 2007.

[CR09] E. J. Candès and B. Recht, Exact matrix completion via convex optimization, Founda-

tions of Computational Mathematics 9 (2009), no. 6, 717–772.

[CRT06] E. J. Candès, J. Romberg, and T. Tao, Robust uncertainty principles: Exact signal re-

construction from highly incomplete frequency information, IEEE Trans. Inform. The-

ory 52 (2006), no. 2, 489–509.

[CT06] E. J. Candès and T. Tao, Near optimal signal recovery from random projections: Uni-

versal encoding strategies?, IEEE Trans. Inform. Theory 52 (2006), no. 12, 5406–5425.

[CT07a] E. J. Candès and T. Tao, The Dantzig selector: statistical estimation when p is much

larger than n, Ann. Statist. 35 (2007), no. 6, 2313–2351.

[CT07b] E. J. Candès and T. Tao, Rejoinder: The Dantzig selector: Statistical estimation when

p is much larger than n, Ann. Stat. 35 (2007), no. 6, 2392–2404.

[CT10] E. J. Candès and T. Tao, The power of convex relaxation: Near-optimal matrix com-

pletion, IEEE Trans. Inform. Theory 56 (2010), no. 5, 2053–2080.

[CW05] P. L. Combettes and V. R. Wajs, Signal recovery by proximal forward-backward splitting,

SIAM Multiscale Model. Simul. 4 (2005), no. 4, 1168–1200.

275



[CW08] E. J. Candès and M. Wakin, An introduction to compressive sampling, IEEE Sig. Proc.

Mag. 25 (2008), no. 2, 21–30.

[CWB08] E. J. Candès, M. B. Wakin, and S. P. Boyd, Enhancing sparsity by reweighted `1

minimization, J. Fourier Anal. Appl. 14 (2008), no. 5–6, 877–905.

[CY08] R. Chartrand and W. Yin, Iteratively reweighted algorithms for compressive sensing,

Proc. Int. Conf. Acoustics, Speech, Signal Processing (ICASSP), 2008, pp. 3869–3872.

[CYH+11] Xi Chen, Z. Yu, S. Hoyos, B. M. Sadler, and J. Silva-Martinez, A sub-Nyquist rate

sampling receiver exploiting compressive sensing, IEEE Trans. Circuits and Systems I:

Regular Papers 58 (2011), no. 3, 507–520.

[DB10] M. F. Duarte and R. G. Baraniuk, Spectral compressive sensing, IEEE Trans. Sig.

Proc., submitted., (2010).

[DBMS84] J. Dongarra, J. Bunch, C. Moler, and G. Stewart, LINPACK, netlib, 1984.

[DDFG10] I. Daubechies, R. DeVore, M. Fornasier, and C. S. Gunturk, Iteratively re-weighted least

squares minimization for sparse recovery, Comm. Pure Appl. Math. 63 (2010), no. 1.

[DDM04] I. Daubechies, M. Defrise, and C. De Mol, An iterative thresholding algorithm for linear

inverse problems with a sparsity constraint, Comm. Pure Appl. Math. 57 (2004), no. 11,

1413–1457.

[DDW+07] M. A. Davenport, M. F. Duarte, M. B. Wakin, J. N. Laska, D. Takhar, K. F. Kelly, and

R. G. Baraniuk, The smashed filter for compressive classification and target recognition,

Proc. Comp. Imag. V at SPIE Elect. Imag. (San Jose), 2007.

[DE03] D. L. Donoho and M. Elad, Optimally sparse representation in general (non-orthogonal)

dictionaries via `1 minimization, Proc. Nat. Aca. Sci. 100 (2003), 2197–2202.

[DET06] D. L. Donoho, M. Elad, and V Temlyakov, Stable recovery of sparse overcomplete

representations in the presence of noise, IEEE Trans. Inform. Theory 52 (2006), 6–18.

[DFL08] I. Daubechies, M. Fornasier, and I. Loris, Accelerated projected gradient method for

linear inverse problems with sparsity constraints, J. Fourier Anal. Appl. 14 (2008),

764–792.

[DH93] D.-Z. Du and F. K. Hwang, Combinatorial group testing and its applications, World

Scientific, Singapore, 1993.

[DH01] D. L. Donoho and X. Huo, Uncertainty principles and ideal atomic decomposition,

IEEE Trans. Info. Theory 47 (2001), 2845–2862.

276



[DHJJ10] J. Dahl, C. Hansen, S. H. Jensen, and T. L. Jensen, Algorithms and software for total

variation image reconstruction via first-order methods, Numer. Algorithms 53 (2010),

no. 1.

[DJ94] D. L. Donoho and I. M. Johnstone, Ideal spatial adaptation by wavelet shrinkage,

Biometrika 81 (1994), no. 3, 425–455.

[DL92] D. L. Donoho and B. F. Logan, Signal recovery and the large sieve, SIAM J. Appl.

Math 52 (1992), no. 2, 577–592.

[DLR77] A. P. Dempster, N. M. Laird, and D. B. Rubin, Maximum likelihood from incomplete

data via the em algorithm, J. Roy. Statist. Soc., Ser. B 39 (1977), no. 1, 1–38.

[DMM09] D. L. Donoho, A. Maliki, and A. Montanari, Message-passing algorithms for compressed

sensing, Proc. Nat. Acad. Sci. 106 (2009), no. 45, 18914–18919.

[DMR+09] D. L. Donoho, A. Maleki, I. Rahman, M. Shahram, and V. Stodden, Reproducible

research in computational harmonic analysis, Computing in Sciences and Engineering

11 (2009), no. 1, 8–18.

[Don06] D. L. Donoho, Compressed sensing, IEEE Trans. Inform. Theory 52 (April 2006), no. 4,

1289–1306.

[DS89] D. L. Donoho and P. B. Stark, Uncertainty principles and signal recovery, SIAM J.

Appl. Math 49 (1989), no. 3, 906–931.

[DS05] J. Darbon and M. Sigelle, A fast and exact algorithm for total-variation minimization,

IbPRIA 3522 (2005), 351–359.

[DT08] D. L. Donoho and Y. Tsaig, Fast solution of `1 minimization problems when the solution

may be sparse, IEEE Trans. Inform. Theory 54 (2008), no. 11, 4789–4812.

[DT10] D. L. Donoho and J. Tanner, Precise undersampling theorems, Proc. IEEE 98 (2010),

no. 6, 913–924.

[DTDS06] D. L. Donoho, Y. Tsaig, I. Drori, and J.-L. Starck, Sparse solution of underdetermined

linear equations by stagewise orthogonal matching pursuit, IEEE Trans. Inform. Theory

(2006), submitted.

[DV10] J. Dahl and L. Vandenberghe, CVXOPT, Python software for convex optimization,

version 1.13, UCLA, 2010, Available at http://abel.ee.ucla.edu/cvxopt.

[DW10] M. A. Davenport and M. B. Wakin, Analysis of orthogonal matching pursuit using the

restricted isometry property, IEEE Trans. Info. Theory 56 (2010), no. 9, 4395–4401.

277

http://abel.ee.ucla.edu/cvxopt


[DWB08] M. F. Duarte, M. B. Wakin, and R. G. Baraniuk, Wavelet-domain compressive signal

reconstruction using a hidden Markov tree model, ICASSP, 2008.

[EB02] M. Elad and A. M. Bruckstein, A generalized uncertainty principle and sparse repre-

sentation in pairs of bases, IEEE Trans. Info. Theory 48 (2002), 2558–2567.

[EHJT04] B. Efron, T. Hastie, I. Johnstone, and R. Tibshirani, Least angle regression, Ann.

Statist. 32 (2004), no. 2, 407–499.

[EHT07] B. Efron, T. Hastie, and R. Tibshirani, Discussion: The Dantzig selector: Statistical

estimation when p is much larger than n, Ann. Stat. 35 (2007), no. 6, 2358–2364.

[Eld09] Y. C. Eldar, Compressed sensing of analog signals in shift-invariant spaces, IEEE Trans.

Sig. Proc. 57 (2009), no. 8, 2986–2997.

[Ell10] J. Ellenberg, Fill in the blanks: Using math to turn lo-res datasets into hi-res

samples, Wired Magazine (2010), http://www.wired.com/magazine/2010/02/ff_

algorithm/.

[EMR07] M. Elad, P. Milanfar, and R. Rubinstein, Analysis versus synthesis in signal priors,

Inverse Problems 23 (2007), 947–968.

[EMZ07] M. Elad, B. Matalon, and M. Zibulevsky, Coordinate and subspace optimization meth-

ods for linear least squares with non-quadratic regularization, Appl. Comput. Harmon.

Anal 23 (2007), 346–367.

[ERW11] A. Eftekhari, J. Romberg, and M. B. Wakin, Matched filtering from limited frequency

samples, Tech. Report 1101.2713, arXiv, 2011.

[Faz02] M. Fazel, Matrix rank minimization with applications, Ph.D. thesis, Stanford Univer-

sity, 2002.

[FBC+08] G. L. Fudge, R. E. Bland, M. A. Chivers, S. Ravindran, J. Haupt, and P. E. Pace, A

Nyquist folding analog-to-information receiver, Signals, Systems and Computers, 2008

42nd Asilomar Conference on (Pacific Grove, CA), Oct. 2008, pp. 541–545.

[FHT10] J. Friedman, T. Hastie, and R. Tibshirani, Regularization paths for generalized linear

models via coordinate descent, J. Stat. Software 33 (2010), no. 1.

[FM81] M. Fukushima and H. Mine, A generalized proximal point algorithm for certain non-

convex minimization problems, Int. J. Systems Science 12 (1981), no. 8, 989–1000.

[FN03] M. A. T. Figueiredo and R.D. Nowak, An EM algorithm for wavelet-based image

restoration, IEEE Trans. Image Process. 12 (2003), no. 8, 906–916.

278

http://www.wired.com/magazine/2010/02/ff_algorithm/
http://www.wired.com/magazine/2010/02/ff_algorithm/


[FNW07] M. A. T. Figueiredo, R. Nowak, and S. J. Wright, Gradient projection for sparse re-

construction: Application to compressed sensing and other inverse problems, IEEE J.

Sel. Top. Signal Process. 1 (2007), no. 4, 586–597.
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