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ABSTRACT 

This thesis examines two aspects of human recognition memory by using two separate 

behavioral paradigms. Given the dual process hypothesis of recognition memory, the first 

chapter investigates the correlation between encoding and retrieval of recognition and 

source memory for images by using a cued retrieval paradigm. Participants were shown 

images in a particular judgment task (source context) and later asked to retrieve them in a 

cued retrieval task.  Recording from the human brain, I found separate cell populations to 

be responsive to the source context during the encoding and recognition stages of the task, 

suggesting a lack of single-cell level reactivation during source retrieval. In the second 

chapter, I examined how recognition memory signals change over time using repeated 

longitudinal behavioral testing in an fMRI study. Through repetitive presentation and 

memory tests over a period of three months, face stimuli were introduced to three 

participants. The behavioral outcome of the task showed that as frequency of exposure to 

specific faces increases, the memory performance and judged confidence increases 

correspondingly, supporting the hypothesis of a continuous familiarity signal. 
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C h a p t e r  1  

GENERAL INTRODUCTION 

Recognition memory is the cognitive ability to re-identify previously encountered events, 

individuals, or objects. The processes underpinning recognition memory have long been the 

subject of ongoing debate (Squire et al., 2007; Wais et al., 2006), with the dual process model 

being one of the major frameworks that conceptualize our present understanding of how 

human episodic memory works (Yonelinas, 2002; Wixted, 2007). 

The dual process model posits that recognition memory is comprised of two distinct 

processes acting in parallel: familiarity and recollection. In this framework, familiarity 

involves a feeling that an item has been seen before, often assessed in tasks that involve rapid 

new/old judgments, is relatively context-independent, and is associated with bottom-up 

attention. In contrast, recollection is a slower process involving the deliberate retrieval of 

specific details and contextual information associated with a familiar stimulus. Both 

familiarity and recollection often come into play in recognition memory, but the processes 

can be dissociated to some extent by their distinct properties. 

The precise mechanisms underlying familiarity and recollection have been a topic of debate. 

Familiarity is often modeled using a signal detection model (Yonelinas, 1994), in which it is 

represented as a continuous memory strength signal. Conversely, theories on the dual process 

model vary in their characterization of recollection as either an all-or-none memory retrieval 

event or a continuous signal akin to familiarity (Wixted, 2007; Atkinson & Juola, 1974; 

Yonelinas, 2002). 

Physiological studies have allowed researchers to examine these two processes separately, 

but the extent of their correlation remains a subject of discussion. Timed-response paradigms 

have shown that individuals tend to maintain high accuracy in new/old judgments but exhibit 

diminished accuracy in context retrieval when a rapid response is required, suggesting that 

recollection is a slower process than familiarity (Grunlund & Ratcliff, 1989; Yonelinas & 
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Jacoby, 1994; Atkinson & Juola, 1974). Similarly, extending the length of a study list 

appears to selectively interfere with conscious recollection while leaving familiarity intact, 

further indicating the independent nature of these processes (Yonelinas & Jacoby, 1994). 

However, it remains uncertain whether recollection necessarily follows the onset of 

familiarity and whether it is only engaged when a familiarity signal is present to begin with. 

Thus, while there are a number of distinguishing psychometric properties for familiarity and 

recollection, the relationship between familiarity and recollection remain debated and await 

further clear evidence. 

This thesis seeks to investigate the structure of recognition memory using two distinct 

behavioral paradigms and utilizing rare single-neuron recordings from the human brain. The 

first part of the thesis employs an encoding/retrieval paradigm together with single-neuron 

recordings to explore whether recollection of associated context is encoded separately from 

familiarity of a previously seen stimulus. If a separate recollection process exists at the 

psychological level, one might expect that the recollection process relies on a reactivation of 

the memory trace that could be evident at single-unit level. The second part of the thesis 

utilizes a repetitive, longitudinal new/old reporting paradigm to assess the rate of decay of 

memory strength, primarily influenced by familiarity, when systematically varying the 

repetition frequency of stimuli presented. Notably, data from the first part is complemented 

with simultaneous single-unit recordings, while data from the second part is paired with 

fMRI recordings, enabling future exploration of the neural correlates underlying the 

behavioral responses. This thesis describes the data acquired from the behavioral data in both 

studies, and from the single-unit recordings in the first study. The fMRI data are not presented 

here. 

Both behavioral tasks use faces as stimuli for several reasons. Firstly, recognizing familiar 

faces is a ubiquitous memory process in daily life. In support of this, one of the most famous 

analogies illustrating the dual model of memory, the "Butcher in the Bus" example (Yovel 

and Paller, 2004), involves face recognition. Secondly, regions of the brain known as "face 

patches" have been identified in both non-human primates and humans through fMRI data 
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(Kanwisher et al., 1997; Landi and Freiwald, 2017), supporting a large literature that 

demonstrates neural specializations for face processing, and making faces a particularly 

attractive type of stimulus since they are known to elicit category-selective responses in many 

regions of the brain. One of these regions is the amygdala, in which face-selective responses 

have been studied extensively (Rutishauser et al., 2015). Single-unit studies in both humans 

and macaques have identified cells with a strong preference for faces over other visual stimuli 

(Quiroga, 2012; Quiroga et al., 2023; Desimone et al., 1984; She et al., 2021). Moreover, 

there are regions in the primate brain that link face perception to memory for unique 

individuals (Landi et al., 2021). Such evidence suggests that faces represent a unique and 

highly preserved category of stimuli, with both familiarity and recollection likely playing 

significant roles, making them an ideal choice for controlled memorability studies. 



 

 

4 

C h a p t e r  2  

SINGLE-UNIT CORRELATES OF RECOGNITION MEMORY FOR FACES 

2.1 Introduction 

Recognition memory encompasses not only the ability to identify familiar items, but also the 

retrieval of contextual information associated with those items. The primary goal of this 

chapter is to explore the neural underpinnings of recollection and its relationship with the 

familiarity process. Specifically, the current chapter examines the existence of reactivation, 

a potential mechanism supporting memory retrieval. 

Evidence from fMRI data suggests that reactivation of representations present at encoding 

during retrieval underlies the recollection process (Gordon et al., 2014; Khan et al., 2004; 

Johnson et al., 2009). By using a cued-retrieval paradigm where subjects are asked to report 

the processing mode associated with target words, reinstatement effects were observed in 

regions sensitive to the encoding task (Kahn et al., 2004). Similarly, when multi-voxel pattern 

analysis was applied to recollection of different memory judgments, above-chance transfer 

decoding performance was observed when the classifier was trained on encoding data, and 

then used on data from the recognition stage (Johnson et al., 2009). 

Convergent evidence of reactivation during memory retrieval has also been found on the 

cellular level in the rodent literature (Josselyn and Tonegawa, 2020; Tingley and Peyrache, 

2020). Observations of early genetic expression in mice have revealed that cell ensembles 

represent engrams for specific memories through reactivation during memory retrieval tests. 

Manipulating the activity of these cells optogenetically has demonstrated the ability to induce 

memory retrieval and dysfunction (Josselyn and Tonegawa, 2020). Electrophysiological 

recordings further support these findings, showing replay and reactivation of cell firing 

sequences after the encoding stage. The disruption of these replay sequences similarly 

impairs later memory retrieval, suggesting a role for replay in consolidation (Tingley and 

Peyrache, 2020; Wilson and Mcnaughton, 1994; Lee and Wilson, 2002). 



 

 

5 

To bridge the gap between these findings and human neural activity, we took advantage of 

the unique opportunity to record data from epilepsy patients undergoing electrophysiological 

monitoring. Previous studies have identified cells that exhibit selectivity for new/old 

judgments (Rutishauser et al., 2008) and the task context presented (Minxha et al., 2018) 

from single cell recordings in epilepsy patients. Our next step was to explore whether 

recollection of the task type at the single-cell level exhibits similar reactivation patterns as 

observed in fMRI and rodent studies. 

To commence this investigation, we first established the validity of a cued-retrieval task for 

both new/old and source memory in healthy subjects recruited from Amazon Mechanical 

Turk (MTurk). During the encoding phase, participants encountered 72 faces presented twice 

in blocks of 3, 6 or 9 trials, with each block associated with a distinct judgment task (cf. 

Figure 2.1, all faces were unfamiliar to begin with). Memory retrieval took place five minutes 

later, during which participants were presented with 36 novel faces and the 72 previously 

encoded faces as retrieval cues. In the recognition stage, participants were tasked with 

determining whether each face was new or old and, in the case of faces deemed old, 

specifying the associated judgment task, which was defined as the source context for each 

face exhibited during the encoding stage. 

Upon confirming that MTurk participants could perform this task well, we extended our 

investigation to include nine epilepsy patients undergoing monitoring. Paired with behavioral 

testing, single-unit recordings enabled us to identify cells with selectivity for the source 

context during either encoding stage (encoding task-selective cells, abbreviated as encoding 

TS cells) or during the recognition stage (recognition TS cells). We were also able to identify 

cells selective to the novelty of the faces during recognition (memory selective cells, 

abbreviated as MS cells) across multiple brain regions. Interestingly, we observed limited 

overlap between encoding TS and recognition TS cells. This observation suggests that source 

memory retrieval may not involve an exact replay of neural activity at the single-cell level in 

human patients. 

In summary, our approach encompasses both behavioral paradigm design and single unit 

recording in epilepsy patients undergoing intracranial monitoring. By using a cued-retrieval 
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task, we leveraged single-unit recordings from the medial temporal lobe (MTL), the medial 

Frontal cortex (MFC), and posterior temporal lobe (PT) in human patients to show that 

familiarity and source memory appear to rely on distinct processes. 

2.2 Methods and Results 

Stimulus Selection 

Images were selected from the FFHQ face data set, a high-quality image dataset of human 

faces crawled from Flickr (Karras et al., 2019). Manual screening was applied to the faces. 

Faces of any famous people were excluded. Faces that showed exaggerated facial 

expressions, excessive facial makeup or looked artificial were excluded. Faces with glasses 

were also excluded. Backgrounds of the images were then removed using semantic 

segmentation (Long et al., 2014). 

Three versions of face sets were prepared, two of which were used for the current nine 

patients (Table 2.1). For each version, the gender of the faces used was balanced, both in 

total and in terms of associated task type and new/old. 

Behavioral: MTurk Testing 

Prior to administering the cued recall task to patients, we conducted a preliminary behavioral 

assessment with a sample of 15 participants recruited through MTurk. The primary objective 

of this phase was to evaluate the feasibility of the task. Each participant engaged with a 

version of the task implemented with JSpsych (Leeuw et al., 2023) consisting of two key 

components: the face encoding period and the retrieval period. 

In the face encoding period, participants encountered each face twice. This presentation was 

organized in a pseudo-random sequence, ensuring that the second exposure of each face 

occurred only after the completion of the initial presentation of all 72 faces. Participants were 

tasked with making judgments about each face, specifically assessing either its talkativeness 

or roundness. The trials involving the same judgment type were grouped together, with 

sequences of 3, 6, or 9 faces. Participants were provided with a reminder before the start of 
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each block of the trial, indicating the type of judgment required. Participants rated their 

judgments on a scale of one to five. Notably, each face was associated with only one type of 

judgment, even though it was presented twice. 

Five minutes after completing the encoding judgments, participants transitioned to the 

retrieval phase. In this stage, the 72 original faces were interspersed with a set of 36 entirely 

new faces. Participants were tasked with determining whether each face presented in the 

retrieval phase was old (previously encountered) or new (unfamiliar). Additionally, they 

were asked to provide their level of confidence using a three-tiered confidence scale. If 

participants indicated that a face was old, they were subsequently prompted to specify 

whether the face had originally been associated with the talkativeness task or the roundness 

task. 

 
Figure 2.1 Task design of the cued retrieval paradigm used for both MTurk subjects and 

epilepsy patients undergoing intracranial monitoring 

Behavioral results from the MTurk subjects showed an above chance performance of both 

new/old (one sample t-test, p=3.3e-17; average AUC of 0.95±0.035; Figure 2.2a) judgment 

and task type recollection (one sample t-test, p=1.80e-10; average AUC of 0.84±0.082; 

Figure 2.2c). Notably, new/old confidence ratings of correctly recognized new faces and 

correctly recognized old faces were significantly higher than those for faces with incorrect 

new/old reporting (Figure 2.3b; two sample t-test, p=0.0029 for old faces; p = 1.1e-7 for new 

faces), indicating a level of meta-cognition (insight) for the quality of the memory of the 

faces. Similarly, among correctly recognized faces, task retrieval confidence ratings for 
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correctly retrieved trials were also significantly higher than those for incorrect trials, 

indicating meta-cognition for memory of task type contexts (figure 2.3c, two sample t-test, 

p = 0.0048). Additionally, we found a correlation between the confidence reports for memory 

itself (the new/old task) and for context (task retrieval; Pearson correlation r=0.69, p=4.0e-

5), such that when confidence was high in the new/old task, it was also high in the context 

task. (figure 2.3d; two sample t-test p=4.0e-5).  

When comparing the two source context task types, talkativeness judgment and face 

roundness judgment, there was no bias shown towards one task over another in terms of 

recollection accuracy (AUC of 0.84 ± 0.082 and 0.84 ± 0.080, two sample t-test, p= 0.95; 

Figure 2.2d). Nevertheless, there was a small but significant bias in the ratio of choices, 

indicating that the MTurk subjects tended to choose talkativeness judgment more than the 

face roundness judgment (percentage of 53% and 47%, two sample t-test, p = 0.0058; Figure 

2.3a).  
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Figure 2.2 Receiver Operating Characteristics (ROC) and Area under the Curve (AUC) for 

MTurk subjects. a) AUC of new/old recognition and task retrieval performance for MTurk 

subjects. Each data point represents the performance outcome of one participant. b) Hit rate 

for correct retrieval of talkativeness judgment versus roundness judgment. Each data point 

represents the performance outcome of one participant. c) ROC for new/old recognition of 

MTurk participants. d) ROC for task retrieval for MTurk participants. 

 

Figure 2.3 Task balance and confidence reporting for MTurk subjects. a) MTurk 

performance balance for talkativeness and roundness judgment tasks. Error bars indicate 

standard deviation of each measurement. b) Confidence reporting for new/old recognition 

split by correctness of trials. c) Confidence reporting for cued source context retrieval split 

by correctness of trials. d) Confidence reporting of the cued source context retrieval split by 

high/low new/old confidence trials. 
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Behavioral: Patient Testing 

Once the behavioral feasibility was achieved in the healthy comparison group, the same task 

was presented to the patients. Stimulus presentation and task were implemented with 

psychtoolbox (Kleiner et al., 2007), and patients were asked to respond with a Cedrus 

response box, again from 1 to 5 for the judgment tasks during the encoding stage, and three 

levels of confidence for the recognition stage. Behaviorally, although slightly lower than the 

healthy comparison group, patients performed consistently well on both item familiarity and 

source context memory (one sample t-test, p value of 2.6e-5 and 0.0012 against chance level, 

average AUC of 0.85±0.14 and 0.72±0.11 for new/old and source retrieval, respectively). 

In addition to the cued retrieval task, three patients (Table 2.1) also performed an object 

screening task (Figure 2.4). The aim of this task was to screen for cells responsive to specific 

object categories, especially the face images. For the task, patients passively viewed a total 

of 100 images, belonging to the category of either faces, fruits, landscape, cars or animals. 6 

one-back questions were randomly scattered between the images as attention checks, for 

which subjects answered yes or no accordingly. 

 
Figure 2.4 Task design of the screening task shown to patients for screening of category-

selective cells. 

The confidence reporting in our memory task did not show as clear a trend in the patients  as 

in the MTurk participants, possibly due to the relatively smaller patient sample size, or their 

general lower performance accuracy (Figure 2.5).The average new/old confidence for 

correctly remembered old trials was still significantly higher than the erroneously identified 

trials (Figure 2.6b, two sample t-test, p= 0.0071), while the average new/old confidence 
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difference for correctly rejected new trials was no longer significantly higher than that for 

incorrectly accepted new trials (Figure 2.6b, two sample t-test, p=0.30). Comparing trials 

with correctly and incorrectly retrieved context information, their confidence difference was 

also no longer significantly different (Figure 2.6c, two sample t-test, p = 0.28). Additionally, 

there is still a correlation between the confidence reports for memory itself and for context 

(Pearson correlation, r=0.56, p = 0.016), such that when confidence was high in the new/old 

task, it was also high in the context task (Figure 2.6d, two sample t-test, p = 0.0048). 

Also similar to the MTurk outcome, when comparing the two source context task types, there 

was no bias shown towards one task over another in terms of recollection accuracy (AUC of 

0.72 and 0.72, two sample t-test, p=1.0; Figure 2.5d). Different from the MTurk subjects, the 

ratio of choices during the recognition stage no longer showed a bias (percentage of 51.8% 

and 48.2%, two sample t-test, p = 0.50 ; Figure 2.6a), either due to the smaller sample size 

of patients, or indicating less choice bias towards the talkativeness task in the patient sample. 
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Figure 2.5 ROC and AUC reporting for patients. a) AUC of new/old recognition and task 

retrieval performance for patients. Each data point represents the performance outcome of 

one participant. b) Hit rate for correct retrieval of talkativeness judgment versus roundness 

judgment. Each data point represents the performance outcome of one patient. c) ROC for 

new/old recognition of patients. d) ROC for task retrieval for patients. 

 

Figure 2.6 Task balance and confidence reporting for patients. a) Patient performance 

balance for talkativeness and roundness judgment tasks. b) Confidence reporting for new/old 

recognition split by correctness of trials. c) Confidence reporting for cued source context 

retrieval split by correctness of trials. d) Confidence reporting of the cued source context 

retrieval split by high/low new/old confidence trials. 

Electrode Placement and Spike Sorting 

The subjects of the single unit recording part of the task were adult patients being evaluated 

for surgical treatment of drug-resistant epilepsy (see table 2.1). The institutional review 

boards of Cedars-Sinai Medical Center and the California Institute of Technology approved 
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all protocols. Patients were monitored intracranially via Behnke-Fried depth electrodes with 

embedded microwires. So far, nine sessions of recordings were performed in the medial 

temporal lobe (MTL: amygdala, hippocampus), medial frontal cortex (MFC: anterior 

cingulate, pre-supplementary motor area) and PT (posterior temporal lobe). 

 

Figure 2.7 Electrode placement and spike sorting. a) Illustration of the design of Benke-Fried 

depth electrodes used for single cell recording. b) Example of common recording regions in 

the patients (For illustration purpose only; locations shown are from different patients). c) 

Example of raw traces of electrophysiological recording and bandpass filtered recording. d) 

Waveform and inter-spike-interval outcomes of an example cell unit identified using Osort. 
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Subject 
ID 

Folder 
Name 

Variant 
used 

Screening 
task 

Randomized 
Encoding 
Sequence 

Region recorded Total units 
recorded 

P74CS 081921_p74 1 N N  MTL, MFC, OFC 
(orbitofrontal 
cortex), PT 

32 

P76CS 092021_p76 1 N N MTL, MFC, OFC, 
PT, INS(insula) 

57 

P78CS 031122_p78 1 N N MTL, PHG 
(parahippocampal 
gyrus), PT 

46 

P79CS 040222_p79 1 N N MTL, MFC, OFC, 
PT 

127 

P80CS 080222_p80 2 N N MTL, MFC, OFC, 
PT 

89 

P81CS 102822_p81 1 N N MTL, MFC, OFC, 
PT 

67 

P82CS 011223_p82 1 Y Y MTL, MFC, OFC, 
CM (central 
medial thalamic 
nucleus) 

46 

P85CS 042223_p85 2 Y Y MTL, MFC, OFC, 
CM 

58 

P87CS 072623_p87 1 Y Y MTL, MFC, OFC, 
PUL (pulvinar) 

59 

 

Table 2.1 Patient and task information of the currently recorded nine sessions. 

The recorded sessions were band-pass filtered within the range of 300-3000 Hz, and single 

units were selected using Osort, a semi-automated algorithm that defines potential cell 

clusters based on their waveforms (Rutishauser et al., 2006). Overall, 581 cells from MTL, 

MFC and PT were identified across the 9 patients. The patient information is shown in Table 

2.1, and the distribution of cells recorded from these patients is shown in Figure 2.8. 
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Single Cell Selectivity 

We focused the single cell selectivity analysis on MTL, MFC and PT, the three regions most 

related to the encoding of memory, task context and face stimuli. Cells with special 

selectivity to features of the task were selected with two methods. When the selectivity 

involved a binary feature, we conducted a bootstrapped test on the mean firing rate over a 

time window 200 to 2400 msec relative to the face image onset (significance criteria of p<= 

0.05, B = 10,000, two-tailed; Rutishauser et al., 2008). When the selectivity involved more 

than two choices, a parametric N-way analysis of variance test was applied, with selection 

criteria of p<0.05. Four types of cells were specifically selected. Firstly, two distinct 

populations of cells were found to represent source context information during encoding and 

retrieval periods (encoding and recognition TS cells). Secondly, new old selective cells (MS 

cells) during the recognition stage were selected, which have significantly different firing 

rates for new versus old faces during the recognition stage of the task. Thirdly, category 

selective cells (CS cells) were selected, which responded with significant differences to 

different types of items presented during the screening task (recorded in only three of the 

patients). 

 

Figure 2.8 Distribution of recorded cell units over MTL (hippocampus, amygdala), MFC 

(anterior cingulate cortex, supplementary motor area) and PT 
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The distribution of these cells across different regions were plotted (Figure 2.18). For each 

region, whether the observed number of cells selected was significantly larger than that 

expected by chance was calculated based on the binomial distribution, with a significance 

criterion of alpha = 0.05.  

The number of cells that were significantly modulated by task during encoding(“encoding 

TS cells”) was larger than expected by chance in all three brain regions examined (Figure 

2.18). Overall, 28 encoding TS cells were found in the MTL region (11% out of 252 total 

cells, see example cell in Figure 2.9). 34 encoding TS cells were found in the MFC region 

(16% out of 217 total cells, see example cell in Figure 2.10).15 encoding TS cells were found 

in the PT region (13% out of 112 total cells, see example cell in Figure 2.11). 

Only MTL and MFC reached significance in terms of the proportion of MS cells (Figure 

2.18). Overall, 40 cells in MTL showed significant new/old selectivity (16%, see example 

cell in Figure 2.12). 37 cells in MFC showed significant new/old selectivity (17%, see 

example cell in Figure 2.13). Despite the existence of single cells showing significance for 

new/old selectivity (see example cell in Figure 2.14), the PT region did not reach an above 

chance proportion for MS cells (6 cells total, 5.4%). 

For recognition TS cells, only amygdala and PT showed above-chance significance in terms 

of the percentage of cells present (see Figure 2.18). For amygdala, 17 out of 175 cells were 

source context selective (9.7% see example cell in Figure 2.15). For PT, 10 out of 112 cells 

were source context selective (8.9%, see example cell in Figure 2.16). 

In contrast with MS cells, for CS cells, only MTL and PT reached significant proportions 

(Figure 2.18). Out of the total sessions that contained a face screening task, 11 out of 39 MTL 

cells showed selectivity to one of the five categories presented (28%). 16 out of 41 PT cells 

showed category selectivity (39%, see example cell in Figure 2.17). In contrast, only 6 out 

of 82 MFC cells showed category selectivity during the face screening task (7.3%). 
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Figure 2.9 Example encoding TS cell from MTL. This cell fired more following stimulus 

onset during encoding if the task performed was the ‘talkativeness’ task. Gray lines mark 

stimulus onset and offset. Firing rate is counted in the time window of 200 to 2400 for the 

ROC analysis and mean firing rate shown (center of the plot). 

 

Figure 2.10 Example encoding TS cell from MFC. See Fig 2.9 for notation. 
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Figure 2.11 Example encoding TS cell from PT. See Fig 2.9 for notation. 

 

Figure 2.12 Example recognition MS cell from MTL. This cell increased its firing rate more 

for old compared to new stimuli following stimulus onset. See Fig 2.9 for notation. 
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Figure 2.13 Example recognition MS cell from MFC. See Fig. 2.9 for notation. 

 

Figure 2.14  Example recognition MS cell from PT. See Fig 2.9 for notation. 
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Figure 2.15 Example recognition TS cell from Amygdala. This cell reduced its firing rate 

more following stimulus onset if an image shown was previously encountered during the 

roundness task. Data shown here is from the recognition part of the task. See Fig 2.9 for 

detailed notation. 

 

Figure 2.16 Example recognition TS cell from PT. This cell fired more following stimulus 

onset if an image shown was previously encountered during the roundness task. Data shown 

here is from the recognition part of the task. 
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Figure 2.17 Example CS cell from PT. This cell increased its firing rate only if the stimulus 

shown is that of a face. The gray lines mark stimulus onset and offset. For the mean firing 

rate, the time window used is 200ms to 1200ms after the stimulus onset. Data shown here is 

from the additional screening task performed. 

 

Figure 2.18 Region-wise distribution breakdown of cells with selectivity. Bar plots show the 

proportion of cells in a given brain area that were significantly modulated by the task during 
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encoding, new/old during recognition, the ask during recognition, and the visual category 

during screening. Numbers above the bars are the number of cells that were significant. 

Asterisks indicate significance of cell concentration within each brain region (*: p<0.05; **: 

p<0.01). 

Comparison of t-statistics 

When plotting the t statistics of cell selectivity for the associated task type of a face, some 

differential behavior can be observed across MTL, MFC and PT. 

Compared to MTL and PT cells, there is a clear difference in the number of cells that 

qualified as both MS cells and encoding TS cells in MFC. A much higher proportion of MFC 

cells (7 out of 31 encoding TS cells and 37 MS cells, 23% and 19% respectively; Figure 

2.20a) are simultaneously selective to both encoding task type and recognition new/old, 

while there is almost no such overlap for cells in MTL (1 out of  27 encoding TS cells and 

39 MS cells, 3.7% and 2.6% respectively; Figure 2.21a) and PT (0 out of 14 encoding TS 

cells and 6 MS cells; FIgure 2.22a). 

All three regions failed to show a cell-to-cell reactivation pattern, as indicated in Figure 

2.20b, 2.21b and 2.22b. Cells with above-chance selectivity (defined here as having a t 

statistic value greater than 2) for the source context during the encoding stage from all three 

regions did not exhibit the same selectivity during the recognition stage, and vice versa. 

However, noticeably, in the PT region, despite a lack of reinstatement of task information, a 

highly preserved positive correlation can be observed between encoding t statistics and 

recognition t statistics (Figure 2.22b, Pearson’s linear correlation, p=0.0012, r=0.30), 

indicating a stable code for the presented stimuli during encoding and recognition. This 

finding also serves as a control for recording stability, showing that tuning and cells remained 

stable. 

Of the two regions that showed above-chance concentration of encoding TS cells, MTL and 

MFC, the t-statistics of these cells was also different between the two rounds of repetition 

during the encoding stage (Figure 2.19). Although encoding TS cells from both regions 

showed significant drop in t values between encoding and recognition, only the MFC region 
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showed a significant drop in t value between the first and second round of repetition (Figure 

2.19a).  

 

Figure 2.19 Encoding TS cell t-statistic behavior during first, second round of encoding, as 

well as recognition stage. a) absolute t-statistic changes of encoding TS cells in MFC. b) 

absolute t-statistic changes of encoding TS cells in MTL. 

 

Figure 2.20 t-statistic comparisons of all MFC cells. a) absolute t statistics of new/old 

selectivity plotted against encoding task type selectivity. b) t statistics of encoding task 

selectivity plotted against recognition task selectivity. c) t statistics of new/old memory 

selectivity plotted against recognition task selectivity. 
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Figure 2.21 t-statistic comparisons of all MTL cells. a) absolute t statistics of new/old 

selectivity plotted against encoding task type selectivity. b) t statistics of encoding task 

selectivity plotted against recognition task selectivity. c) t statistics of new/old memory 

selectivity plotted against recognition task selectivity. 

 

Figure 2.22 t-statistic comparison of all PT cells. a) absolute t statistics of new/old selectivity 

plotted against encoding task type selectivity. b) t statistics of encoding task selectivity 

plotted against recognition task selectivity. c) t statistics of new/old memory selectivity 

plotted against recognition task selectivity. 
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2.3 Conclusion 

In this chapter of the thesis, we leveraged single-unit recordings from epilepsy patients 

undergoing intracranial electrophysiological monitoring to show that familiarity and source 

memory appear to rely on distinct processes. 

Overall, given the scant overlap found between the MS cells and recognition TS cells (Figure 

2.20c, 2.21c, 2.22c), our findings support a dual process theory account of recognition 

memory. This is because the two types of memory were encoded by different cells. 

Moreover, our finding also revealed that while source context memory was encoded, there 

was no clear evidence for reactivation at the single cell level. This is because there was almost 

no overlap between encoding TS cells, which were found across multiple MTL and MFC 

regions, and the recognition TS cells, which were found mainly in amygdala and PT (Figure 

2.20b, 2.21b, 2.22b). The result suggests that contextual reinstatement and encoding rely on 

distinct neural processes. Notably, we did find encoding of retrieved context (recognition TS 

cells), but this information was encoded by different cells than those that were engaged 

during encoding. 

Our current findings are in line with previous human single unit literature on the recollection 

process. For example, a previous study examining associative memory of images to words 

in epilepsy patients undergoing intracranial monitoring convergingly found that there was no 

overlap between cells encoding familiarity and cells encoding the successful retrieval of 

source information (Derner et al., 2020), indicating the likelihood of a dual memory process. 

Similar findings were also reported in another study (Staresina et al., 2019), where separate 

populations of cells distinguished the content of retrieval cues and the successful retrieval 

itself. 

However, our conclusions are limited by the small patient sample and brain regions recorded. 

The current null finding of reactivation is on a single-cell level, using binned rate code over 

a range of 200-2400 msec of stimuli presentation. As further trials accumulate, one next step 

to check is the probability that populational coding and temporal code support recollection 

of source context of the face stimuli. As more sessions with the category screening task are 
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collected, another possible next direction would be to examine the roles that the CS cells play 

in encoding of the source context, and their relationship to the encoding TS and recognition 

TS cells. 

Another aspect to be noted is the sole use of faces as cue stimuli for eliciting the source 

context retrieval process. Although the t-statistics of PT does not show a significant overlap 

of encoding and recognition TS cells, a highly preserved correlation exists between the 

source context task types during encoding and recognition (Figure 2.22b). An immediate 

next step of the current chapter would be to isolate the effect of face identity versus face 

context, and check whether the structure of representation in PT is still preserved (Boyle et 

al., 2022). 
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C h a p t e r  3  

STUDY OF FACE REPETITION MEMORY 

3.1 Introduction 

This chapter is focused on investigating the long-term consolidation of recognition memory 

and the effect of repetition, with a specific focus on face recognition memory. This is a 

situation typically encountered in everyday life: not only do we need to keep track of 

individuals over long periods of time, but we typically get to know them over repeated social 

interactions.  The major factor that is present in the real world, but omitted in the experiment, 

is all of the associated context: in the real world, we not only see a face, but a whole body, 

and we often interact with a person and obtain associated biographical information. Here, we 

strip away these contextual factors in order to motivate a focus on faces in isolation. Two 

aspects are associated with this motivation: the consolidation of general recognition memory, 

and the consolidation of memory specifically related to faces. 

The study of consolidation of general recognition memory dates back to the 19th century, 

when Hermann Ebbinghaus introduced the concept of the forgetting curve (Murre and Dros, 

2015; Rubin and Wenzel, 1996). Ebbinghaus's work involved learning artificially created 

nonsense words and assessing their retention rates over time. His research revealed the rate 

at which memories decay and emphasized the role of re-exposure in enhancing memory 

retention. Subsequent studies have not only confirmed the validity of the forgetting curve but 

also highlighted the importance of repetition in influencing successful later recollection of 

information (Murre and Dros, 2015). It should be pointed out that repetition does not merely 

amount to additional instances of encoding, but that repeated presentations of stimuli of 

course trigger recognition memory as well. Thus repetition amounts to a mixture of 

additional encoding, and re-consolidation of already familiar items through recognition. 

Paired with fMRI recordings, more recent studies have explored how repetition frequency 

and interval-duration impacts recognition memory. Hippocampal and parahippocampal 

region activity was examined with a recognition memory task, where the study and test 
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interval varied between half-hour, 1 day and 1 week (Stark and Squire, 2000). Although a 

significant new/old difference was found in both regions with a blocked task design, no 

difference was found for the different interval between encoding and test stages. In 

comparison, effects of repetition were studied in another study where repetition times of 

stimuli were manipulated to be either once or three times (Reagh et al., 2017). Repetition 

was found to evoke a shift in engagement in an anterior CA1-thalamic-medial prefrontal 

network when comparing true and false recognition, suggesting a change in connectivity of 

brain circuits caused by repeated experience. Similarly, in a more recent study, engagement 

of the parietal memory network was found in repetition studies, while the exact repetition 

suppression and enhancement effect was found to be task-dependent (Gilmore et al., 2015; 

Gilmore et al., 2019).  

Among studies of consolidation via repetition of the stimuli, the studies of face-specific 

memory have revealed special aspects of face memory consolidation. When contrasting 

newly familiarized faces with novel faces, the amygdala has been found to exhibit larger 

fMRI-BOLD signals to novel faces than to familiar faces (Schwartz et al., 2003). In monkeys, 

personally familiar faces engaged the macaque face-processing network more than 

unfamiliar faces, revealing two conserved locations within the perirhinal cortex and the 

temporal pole (Landi and Freiwald, 2017). 

Recent discussions have emphasized the need for substantial sample sizes in fMRI studies to 

ensure the significance of results (Marek et al., 2022). Given this consideration, one 

alternative approach to take would be dense data acquisition from a small set of subjects over 

a long period of time (Rosenberg and Finn, 2022; Allen et al., 2022; Gordon et al., 2017).  In 

this chapter, we aim to develop such a dense longitudinal behavioral paradigm to be paired 

with fMRI recordings to study face repetition memory in humans.  

For the current study, three participants were repeatedly scanned over the course of two 

months while performing face memory judgments. The main task structure was a repeated 

new/old task with three levels of confidence reporting, with half of the faces used always 

being new, and another half a mixture of faces that repeat for different amounts of times. To 
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maintain the level of familiarity, after each memory session, participants also passively 

viewed all faces from the same session once.  

Behaviorally, we anticipated observing above-chance new/old reporting, demonstrating 

successful long-term memory performance. Over time, especially for highly repeated faces, 

we expected to see increased accuracy and confidence reporting, along with reduced reaction 

time. We also predicted a correlation between the number of times an image was repeated 

and memory accuracy. 

3.2 Methods and Results 

Stimulus Selection 

Images were selected from the FFHQ face data set, a high-quality image dataset of human 

faces crawled from Flickr (Karras et al., 2019).  

Manual screening was applied to the faces. Faces of any famous people were excluded. Faces 

that looked to be outside of the age range of 18-60 years old were excluded. Faces that 

showed exaggerated facial expressions or any facial/head movements were excluded. Faces 

with excessive facial makeup or look artificial were excluded. Last but not least, images with 

incomplete faces and other image quality issues were excluded from the selection. 

Backgrounds of the images were then removed using semantic segmentation method (Long 

et al., 2014). 

In the end, we used 768 images from this set, 252 of which were repeated at least once. For 

the follow-up scanning session, another 186 completely new images from the same set were 

selected to be contrasted with the old faces used during longitudinal scanning. 

Single Session Procedure 

Three participants were recruited from the lab to perform the longitudinal scanning sessions. 

For each session, two components were presented to the participants: an active memory 

judgment task, and a passive viewing session. 
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For the active memory judgment, during each scanning session, a New/Old task with three 

levels of confidence reporting were presented to the subjects. Within each session, there were 

always 50% new images and 50% old images. 

The task was conducted in an event-related fashion, with faces shown on screen for 1.5 

seconds, followed by a question prompt after a jittered short interval (average of 500ms). 

Participants were asked to respond to the question prompt as fast as possible, with a 

maximum response time of 2 seconds. After a response was made, there was a jittered inter-

trial-interval of 0.5 to 4.5 seconds (average of 2.5sec ITI, making one single trial roughly 6.5 

seconds). 

 

Figure 3.1 Task design of the active face memory judgment 

The passive viewing stage was similar to the active memory task, except that now the 

memory reporting screen was removed. During the viewing, we asked subjects to think about 

the personality of the person whose face was shown on the screen, thus providing a uniform 

context of relatively “deep” processing of the stimulus.  

Longitudinal Session Balance 

The whole sequence of scanning sessions happened between March 31st to June 1st, 2022, 

spanning three months in total. To begin with, the first session was a purely passive viewing 

session to introduce the faces to be familiarized, in which each face was represented twice to 

the three participants. Afterwards, the sequence continued with one active face memory 

judgment session followed by one passive session on each of the days scanned. 
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Repetition times of images were deterministically assigned. Four repetition schemes for old 

images were used: faces were either repeated during every single session, during every other 

session, during every other four sessions, or only one-back. With this strategy, by the end of 

the 12th session, faces were repeated 12, 6, 3 and 2 times respectively (Figure 3.2). 

 

Figure 3.2 Repetition scheme and days of recording for the different groups of face images. 

a) dates on which the twelve sessions were carried out. Red dots indicate sessions where only 

behavioral data were collected, excluding fMRI scanning. b) Repetition scheme across 

sessions in the original sequence. Deeper color indicates higher total number of presentations 

of a face image. As the number of sessions increased, subgroups of images were repeated 

more frequently. c) Repetition scheme rearranged by descending order of the total amount 

of repetition. The color code indicates the number of repetitions a given stimuli was sampled 

at the moment of presentation. 

The task program was implemented using PsychoPy (Peirce et al., 2019). Subjects held a 

response box with four buttons in each hand to perform confidence reporting. To avoid 

confounding signals from the button pressing motion, the schematic of the response box was 

reversed between each active memory rating session. 
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Percent Retained Test after Four Months 

Four months after the last session of the face memory task was obtained, on October 4th, 

2022, a retainment task was performed on a subset of the originally used faces. Each subject 

received three runs of new/old judgment tasks consisting of 124 images, for which they were 

asked to report familiarity with three levels of confidence. 

Out of each run of the 124 faces, half of them were completely new, while the other half 

were repeated from the previous sessions. For the old faces, within each run, there were 4 

faces that had been repeated 12 times, 8 faces that had been repeated 6 times, 16 faces that 

had been repeated 3 times, 22 faces that had been one-back, and 12 faces that had never been 

repeated (Figure 3.3). 

 

Figure 3.3 Repetition scheme of faces used in the three runs of follow up scanning, on 

October 4th, 2022. The color code indicates the number of repetitions a given stimuli was 

sampled at the moment of presentation. 

fMRI Acquisition 

Structural and functional fMRI data were recorded along with the repeated face 

familiarization task. For structural scanning, complex-valued T1 weighted images were 

collected with multi-echo MPRAGE sequence, and a resolution of 0.9 mm. Complex-valued 

T2 weighted images were collected with SPACE sequence and resolution of 0.9 mm. The 

functional MRI was acquired with complex multiband T2*w EPI, 1100/30ms, M6, 2.5mm, 

with a whole brain coverage.  Please note that the fMRI data are not presented or analyzed 

in this thesis; only the behavioral data are. 
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Preliminary Analysis 

Beginning from the second session of the task, all participants performed above chance in 

the new/old judgment task for faces presented (participant 1: average AUC = 0.85, p = 4.6e-

10, one sample t test; participant 2: average AUC = 0.90, p=6.5e-11, one sample t test; 

participant 3: average AUC = 0.78, p = 2.6e-8, one sample t test). For faces with different 

repetition frequencies, the session-wise performance of each subject is presented in Figure 

3.5a. Notably, for all subjects, the repeat-every-session images reached a saturating new/old 

judgment accuracy rather quickly. The confidence reporting mirrored the same effect, with 

the confidence level reaching the maximum of 3 for new/old judgments by the seventh 

session for each subject (Figure 3.5b). In comparison, response time for the subjects showed 

no clear differences between different repetition groups, as shown in Figure 3.5c. 
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Figure 3.4 Session-wise new/old performance for each participant. a) - c) session-wise ROC 

curves for participant 1 to 3. Darker lines indicate more recent sessions dating from session 

1 to session 12. d) session-wise AUC for participant 1 to 3. 

 

Figure 3.5 Session-wise hit rate, confidence and reaction time of the three participants, split 

by the image groups assigned to different repetition schemes. a) Session-wise hit rate for 

different image groups. Each plot represents the result for participant 1 to 3. b) Session-wise 

confidence rate for different image groups, reported by participant 1 to 3 respectively. c) 

Session-wise reaction time for different image groups. Each plot represents on participant’s 

behavioral outcome. 

Memory Retained after 4 Months 

Four months after the initial exposure sequence, the three participants ran through three runs 

of follow-up new/old testing again. Due to a crash of the PsychoPy program, the behavioral 

response for the last run of subject 3 was lost. From data that was available, the three 

participants still performed above chance in recognizing the new/old of most images (AUC: 

participant 1 = 0.72; participant 2 = 0.74; participant 3 = 0.84; Figure 3.6 a-c). 
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When the behavioral performance of each subject was split by different repetition schemes, 

the hit rate for each was still above chance, with the exception of the 12-repetition group 

from participant 3. This is likely due to small sample size, as the crashing of the program 

only left 8 out of 12 images on which to perform the hit rate calculation. 

 

Figure 3.6 Retainment task performance for each participant. a) ROC curve for the general 

performance of participant 1-3. b) Group-wise hit rate breakdown for each of the three 

subjects. c) Group-wise confidence reporting breakdown for each of the three participants. 

3.3 Conclusion 

With the current protocol design, we manipulated two factors that determine familiarity 

strength of face stimuli, namely, the total amount of repetition of a face, and the frequency 

with which these repetitions occur.  

Behavioral results from the three participants match the hypothesis of the existence of a 

continuous familiarity signal. Image groups that were systematically manipulated to be more 

frequently shown were better remembered and showed a higher trend of confidence 

reporting. 
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The immediate next step of analysis would be to start examining the fMRI sessions 

simultaneously acquired with the behavioral data. For fMRI results, we anticipate identifying 

differential activation patterns for successfully remembered faces compared to false alarms 

or missed trials, primarily within MTL and cortical regions. New/old faces are likely to elicit 

distinct responses from the amygdala. 

Following examples from the Xue et al., 2010 paper, another thing we may be able to look 

at is the representational similarity of faces that are repeated for different numbers of times. 

From this paper, compared with forgotten items, subsequently remembered faces and words 

showed greater similarity in neural activation across multiple repetitions. This is something 

that we can also check in the current planned study, with a longer time span and more 

repetition than the previous study. 
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C h a p t e r  4  

DISCUSSION AND FUTURE DIRECTIONS 
 

In summary, the two chapters of the thesis explored two aspects of recognition memory. 

By using a cued retrieval task, the first chapter of the thesis explored single unit correlates of 

recognition memory for faces. Cells selective to different features of the task were identified. 

Despite finding an above-chance proportion of cells selective to source context during both 

encoding stage and recognition stages of the task, the scant overlap between the two indicates 

a lack of reactivation, at least on the single-cell level, for memory retrieval processes. 

As the amount of recording sessions in epilepsy patients accumulates, an immediate next 

step for the future would be to examine whether population-level encoding exists for the 

source context information during the recognition stage. If so, whether the three regions of 

interest play different roles in the encoding of source information also remains to be explored. 

By using dimensionality reduction methods (for example, Kobak et al., 2016), it may also be 

possible to isolate the population-level representation of new/old memory from source 

context information.  

By using a repetitive, longitudinal new/old reporting scheme, the second chapter of the thesis 

explored factors impacting face repetition memory. From the behavioral outcome, the face 

stimuli that were shown with smaller intervals and more frequently in time were better 

remembered. The confidence level reporting also follows a similar trend, supporting the 

hypothesis that more frequent repetition contributes to a higher memory strength signal. 

The immediate next step of the second chapter would be to start the analysis of the 

accompanying fMRI data to the behavioral paradigm. With region-of-interest (ROI) analysis, 

it could be investigated whether the MTL region and face-related regions in temporal cortex 

show shifts in activity as memories of the face stimuli consolidate over the duration of the 

longitudinal task. Within the same session, examining how groups of images with different 

repetition schemes elicit different reactions in related regions may also offer insights on how 

long-term memory evolves as time progresses and re-exposure to the stimuli happens. 
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Overall, preliminary results from the two tasks offer insights to the dual processes underlying 

human recognition memory. Findings from the first chapter indicates that separate cell 

groups are in charge of familiarity and recollection processes. Task design from the second 

chapter established a gradient of familiarity signal in three participants through systematic 

variation of stimulus exposure frequency, which stayed robust even four months after the test 

scheme had ended. 
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